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ABSTRACT 

Full Name  : [Mohammed Hussain AlBahrani]  

Thesis Title  : [Evolutionary Algorithms for System Identification]  

Major Field  : [System and Control Engineering]  

Date of Degree   : [Oct 2021]  
  
  

The thesis focuses on the use of evolutionary algorithm in system identification. 

The selection of the model structure and estimating the model parameters are two 

important steps in the system identification. For nonlinear system, there are infinite 

number of model structure and obtaining the best model structure can be very 

difficult.  

Evolutionary algorithms can be viewed as algorithm to solve optimization 

problems. In this work, evolutionary algorithm will be used to search for the best 

model structure. They will also be used in estimating the model parameters for a 

given model structure. The proposed algorithm will be used for identifying turbojet 

engine, Hammerstein model and other nonlinear system. The result will be 

compared with artificial neural network with different training methods.  

  
  

 

 



                                                          XVI








































































































































































































































































